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DOMAIN 1: CORE LLM MECHANICS

001

TOKENIZATION BOUNDARIES

LLMs process tokens, not words. Unusual brand names or
technical jargon might split into multiple tokens, diluting

semantic weight. Optimize brand entities to align with
common token structures.

002
LATENT SPACE PROXIMITY

Ranking in generative engines means moving your entity
closer to the target topic node in the model's high-
dimensional latent space through consistent co-occurrence.

003
ATTENTION MECHANISM EXPLOITATION

Transformers use self-attention. Placing your brand name in

004
TEMPERATURE & DETERMINISM

Search LLMs operate at low temperature (T=0.1 to 0.3) for

close syntactic proximity to high-value keywords within the factual queries. Content must be highly deterministic,

same sentence drastically increases attention weights. removing poetic language that introduces probabilistic
variation.

005 006

PRE-TRAINING CUTOFFS

Knowledge gaps exist past cutoff dates. To rank for new
concepts, you must trigger RAG mechanisms, as the
model's static weights contain zero baseline data.

WEIGHT DECAY IN ENTITIES

Models naturally decay the relevance of older, un-refreshed
entities. Continuous publication of new, verifiable facts is
required to maintain latent space gravity.

007
CONTEXT WINDOW SATURATION
When an LLM retrieves 10 documents, the context window

fills. Your document must provide higher density of facts per
token than competitors to survive the summarization cull.

008
HALLUCINATION MITIGATION
Engines prefer sources that cite other sources. Including

external, authoritative outbound links reduces the model's
internal hallucination penalty for your content.
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DOMAIN 1: CORE MECHANICS (CONT.)

009
INSTRUCTION FINE-TUNING
Al search engines are fine-tuned to prefer helpful, safe, and

concise formats. Structure your content to mimic the output
style of a highly-rated RLHF response.

010
VECTOR EMBEDDING NORMALIZATION

Search queries and documents are mapped to vectors. Use
exact industry-standard nomenclature to ensure your
document's vector angle perfectly aligns with the user's
query vector.

011

THE NEEDLE IN A HAYSTACK TEST

Modern LLMs (like Gemini 1.5) have massive context
windows but suffer from "lost in the middle" syndrome. Place

critical citations at the absolute beginning or end of your
document.

012
SEMANTIC DENSITY SCORING

Avoid fluff. Measure the ratio of entities/facts to total words.
A high semantic density score guarantees better retention
during the LLM's extraction phase.

013
CROSS-LINGUAL TRANSFER

LLMs map concepts abstractly, regardless of language. A
highly authoritative page in German can boost the entity's
authority for English generative queries.

014
BIAS INJECTION VIA PROMPTS

Users often inject bias into queries ("Why is X bad?"). Your
content must address opposing sentiments neutrally to be
selected as a balanced source by safety filters.

015
ZERO-SHOT VS FEW-SHOT RETRIEVAL

For zero-shot queries (no context given by user), engines
rely heavily on broad domain authority. For few-shot queries,
exact semantic matching trumps domain DR.

016
CORPUS POISONING DEFENSE

Competitors may deploy negative SEO by poisoning the
LLM training corpus with false associations. Counter this
with high-volume, cryptographically signed PR releases.
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017
LEXICAL VS SEMANTIC SEARCH

Lexical (BM25) relies on exact keywords. Semantic relies on
vector embeddings. Optimize for both: use exact terms for
the initial retrieval pass, and deep context for the LLM
synthesis pass.

018
THE "HELPFUL CONTENT" WEIGHTS

Classifiers look for first-hand experience markers ("l tested",
"In our lab"). LLMs are explicitly trained to elevate text
containing personal, verified pronouns.

019
ENTITY SALIENCE CALCULATION
Salience defines how central an entity is to the text. Use the

entity name as the subject of active-voice sentences to
maximize NLP salience scores.

020
PARAMETRIC MEMORY UPDATES
You cannot force an LLM to update its internal weights

instantly. GEO requires patience; model updates happen in
discrete training epochs, unlike real-time Google indexing.

DOMAIN 2: RAG ARCHITECTURE & INGESTION

STANDARD RAG PIPELINE (2026)

Vector DB Search

(e |

Context Extraction

—

021
SEMANTIC CHUNKING

Vector databases split your page into "chunks". If a chunk
splits a concept in half, context is lost. Use hard structural
breaks (H2s, H3s) every 150-200 words.

022
THE BLUF PRINCIPLE

Bottom Line Up Front. RAG models extract snippets. Place
the absolute conclusion, metric, or answer in the first
sentence of the section.
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DOMAIN 2: RAG ARCHITECTURE (CONT.)

023
MARKDOWN PRIORITY

RAG parsers love Markdown. Format HTML so that when
stripped to raw text, it forms perfect Markdown tables, lists,
and bolded entities.

024
SELF-CONTAINED NODES
Never use "As mentioned above" in a paragraph. A RAG

system might only extract that specific paragraph. Always
re-declare the subject.

025
VECTOR DISTANCE MANIPULATION
Analyze top-ranking Al answers. Extract their TF-IDF

vectors. Ensure your document shares the core vectors but
introduces highly unique adjacent vectors.

026
RETRIEVAL LATENCY OPTIMIZATION
Fast TTFB (Time to First Byte) is critical for real-time RAG

(like Perplexity). If your server takes >300ms, the bot drops
the request and moves to cache.

027
JSON-LD FOR CONTEXT WINDOWS

LLMs process JSON much faster and with higher fidelity
than DOM trees. Inject your primary article summary as a
JSON string in the Schema.

028
QUERY EXPANSION HANDLING

Search engines expand "cheap laptops" to "budget windows
laptops under 500". Ensure your chunk contains the
expanded terminology, not just the root query.

029
HYBRID SEARCH (DENSE + SPARSE)

Modern RAG uses both vector embeddings (Dense) and
keyword matching (Sparse/BM25). Do not abandon exact
match keywords; they anchor the dense retrieval.

030
THE "CONTEXT INJECTION" SNIPPET

Create a 3-sentence summary box at the top of every article
specifically engineered for the LLM to scrape as the
definitive answer.
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DOMAIN 2: RAG ARCHITECTURE (CONT.)

031
AVOIDING RAG TRUNCATION
If a table exceeds 50 rows, the parser truncates it. Break

large data into multiple small tables grouped by H3s to
ensure full ingestion.

032
SEMANTIC REDUNDANCY
To guarantee extraction, state the fact, show it in a table,

and list it in a bullet point. Triangulate the data within the
same URL.

033
RE-RANKING SURVIVAL
After initial vector search, a Cross-Encoder re-ranks results.

Cross-Encoders favor documents with high syntactic
coherence and perfect grammar.

034
IMAGE ALT TEXT AS VECTORS
RAG systems often drop images but keep alt-text. Write alt-

text as full, descriptive sentences containing primary
entities, not just keyword strings.

035
PDF EXTRACTION FLAWS

Avoid publishing core data in PDFs. RAG parsers struggle
with PDF columns. Always provide a pure HTML equivalent
for Al ingestion.

036
NEGATIVE CONSTRAINTS IN PROMPTS

Users ask "best CRM NOT salesforce". Ensure your content
explicitly contrasts your entity with competitors using clear
negative operators.

037
TIME-DECAY VARIABLES

Update timestamps on content. RAG models are instructed
to favor recency weights for rapidly changing entities (e.g.,
tech, finance).

038
ENTITY RESOLUTION PRE-PROCESSING

Ensure your brand name isn't ambiguous (e.g., "Apple"). If it
is, heavily co-occur the entity with its defining industry in
every chunk.
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039
CITATION THRESHOLDS

Some LLMs require corroboration from at least 3 distinct
domains before stating a fact. Network your PR so multiple
sites report your data simultaneously.

040
RAG BYPASS (PRE-TRAINING)

The ultimate goal is to become so prominent that you enter
the foundational pre-training dataset of GPT-5/Gemini 2.0,
negating the need for RAG entirely.

DOMAIN 3: KNOWLEDGE GRAPHS & ONTOLOGY

041
ONTOLOGICAL MAPPING
Define exactly how your entities relate to global concepts. A

product isn't just an item; it is a node connected to use-
cases, materials, and creators.

042
THE TRIPLET STRUCTURE
Information is extracted as Subject-Predicate-Object (e.g.,

Vishal Dave -> teaches -> Al SEO). Write sentences
explicitly in this triplet format.

043
WIKIDATA ANCHORING

Every primary entity on your site MUST link to a
corresponding Wikidata Q-ID using ‘sameAs’ schema to
inherit its established authority.

044
KNOWLEDGE PANELS VS Al OVERVIEWS

Panels are structured data; Overviews are generative.
Securing a Knowledge Panel acts as a massive trust
multiplier for generative inclusion.

045
GRAPH TRAVERSAL PATTERNS

Engines traverse links semantically. Link to entities that
share your exact ontological category, not just random high-
DR sites.

046
AUTHOR ENTITY ESTABLISHMENT

Authors must exist across multiple authoritative graphs
(LinkedIn, Twitter, Academic publications) for an LLM to trust
their written content.
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DOMAIN 3: KNOWLEDGE GRAPHS (CONT.)

047
DISAMBIGUATION PAGES
If your entity shares a name with another concept, build a

dedicated page clarifying exactly what you are NOT, aiding
the LLM's resolution algorithm.

048
THE @ID RESOLUTION MANDATE
In JSON-LD, assign a static URI (e.g., ‘#organization’) to

your main entity and reference it everywhere across the
domain. Never re-declare the same entity twice.

049
EVENT-DRIVEN ENTITIES
Conferences, webinars, and product launches are

temporary entities. Map them explicitly to the permanent
parent organization entity.

050
SEMANTIC SILOING
Group pages not by URL path, but by semantic relationship.

Use bidirectional internal links to create a closed, highly
dense local knowledge graph.

051
NAMED ENTITY RECOGNITION (NER)

Run your content through a standard NLP API (like Google
Cloud NLP). Ensure it correctly identifies your brand as an
ORG and your product as a CONSUMER_GOOD.

052
PREDICATE VOCABULARY

Use exact Schema.org predicates (‘knowsAbout’, ‘founder’,
“alumniOf*) in your actual on-page HTML text, not just in the
hidden JSON script.

053
GRAPH PRUNING

Delete or de-index low-quality pages. Extraneous nodes
dilute the overall semantic authority of your domain's
knowledge graph.

054
THE "IS-A" HIERARCHY

Always define an entity by its parent class. E.g., "The X100
is a high-performance SSD..." This immediately slots the
entity into the LLM's existing ontology.

GEO CHEATSHEET 2026

PAGE 07



055
ZERO-CLICK ONTOLOGY

Design content acknowledging that the user may never
click. Your goal is brand impression within the Al interface,
mapping your brand to the solution.

056
WIKIPEDIA NOTABILITY HACKS

If rejected for a Wikipedia page, secure entries in
specialized wikis (e.g., Fandom, local wikis). LLMs scrape
ALL structured mediawikis, not just the main one.

057
COMPETITOR GRAPH HIJACKING

Write deep comparative content. By frequently linking your
entity to a dominant competitor's entity, you force the LLM to
cluster you in the same latent space.

058
DYNAMIC KNOWLEDGE GRAPHS

Use headless CMS to dynamically output linked data based
on user intent. A single URL should shift its schema focus
depending on the query vector.

059
ENTITY HOME PAGE

Every entity needs a definitive "Home" URI. Do not rely on
social media profiles; own the root URI where the entity is
definitively defined.

060
FACT-CHECKING ECOSYSTEMS

LLMs prioritize domains flagged as reliable by independent
fact-checkers. Participate in structured data “ClaimReview
schemas to validate your own claims.

DOMAIN 4: ADVANCED SCHEMA.ORG IMPLEMENTATIONS

Generative engines rely on Schema to bypass costly DOM parsing. Implement these exact

architectures.
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DOMAIN 4: ADVANCED SCHEMA.ORG (CONT.)

// CONCEPT 061:

{
"@context": "https://schema.org",

"@type": "Article",
"headline": "AI SEO in 2026",
"author": {

"@type": "Person",

"@id": "https://vishaldave.com/#person",
"Vishal Dave",
["Artificial Intelligence", "Search Engine Optimization"],

"name" :

"knowsAbout":

"alumniOf": {
"@type": "Organization",
"name": "Tech University",

THE NESTED AUTHOR TRUST SCHEMA

"sameAs": "https://en.wikipedia.org/wiki/Tech_University"

j
Hae
"publisher": {
"@id": "https://viseo.com/#organization"
}
}

062
DATASET SCHEMA FOR IG
If you publish original data, wrap the tables in "Dataset’

schema. Al engines explicitly hunt for primary datasets to
cite in quantitative queries.

063
PROFILEPAGE VS PERSON
Update legacy ‘Person’ schema to "ProfilePage’ for bio

pages. This explicitly tells the LLM this is the definitive hub
for the author entity.

064
QAPAGE FOR CONVERSATIONAL INTENT

Voice and Al search are heavily conversational. Map FAQs
directly into "QAPage’ or 'FAQPage’ schema to serve as
immediate context payloads.

065
SCHEMA VALIDATION ENFORCEMENT

A single missing comma breaks the JSON-LD payload,
causing the LLM parser to fail silently. Automate validation in
your CI/CD pipeline.
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DOMAIN 4: ADVANCED SCHEMA.ORG (CONT.)

066
ITEMLIST FOR RANKINGS
When publishing "Top 10" lists, use ‘ltemList’ schema.

Generative models heavily rely on this structured array to
construct consensus rankings.

067
SOFTWAREAPPLICATION VECTORS
For SaaS, populate “SoftwareApplication” with exact

operating systems, pricing, and category. LLMs use these
fields to answer highly specific filtering prompts.

068
MENTIONS VS ABOUT
In “Article’ schema, use “about’ for the primary entity/topic,

and ‘'mentions’ for secondary entities. This defines exact
topical weight for the parser.

069
VIDEOOBJECT TRANSCRIPT INJECTION
Embed the full text transcript inside the "VideoObject’

schema. LLMs will index the video content natively as text,
bypassing the need for YouTube APIs.

070
SPEAKABLE SCHEMA FOR VOICE

Mark the BLUF (Bottom Line Up Front) summary with
‘speakable’ schema. This flags the exact chunk meant for
voice synthesis in mobile Al interactions.

071
GRAPH MERGING AVOIDANCE

Do not mix multiple "@context” declarations. Maintain a
single unified graph on the page to prevent the parser from
fragmenting the relationships.

072
BREADCRUMBLIST CONTEXT

Breadcrumbs aren't just for Ul. They provide the LLM with
the exact ontological hierarchy of the specific node it is
currently parsing.

073
REVIEW SNIPPET AGGREGATION

Al engines synthesize sentiment. Provide mathematically
accurate 'AggregateRating® schema to prevent the LLM
from hallucinating a false negative sentiment.
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074
HOWTO SCHEMA FOR WORKFLOWS

Generative instructions ("How do | fix a tire") pull directly
from "HowToStep'. Explicitly detail tools, supplies, and time
required to dominate instructional queries.

075
COURSE SCHEMA DOMINANCE

For ed-tech, "Course’ schema dictates visibility in Al
recommendations. Include exact syllabus arrays and
credential outcomes.

076
EVENT STATUS UPDATES

If an event is cancelled or goes online, update the
‘eventStatus’. Al engines severely penalize domains that
feed outdated temporal data.

077
LIVEBLOGPOSTING FOR REAL-TIME

For breaking news, use ‘LiveBlogPosting™. It bypasses
standard crawl queues and pings real-time RAG ingestion
APls instantly.

078
WEBPAGE ELEMENTS

Define the "'mainEntity” of the "WebPage'. This removes all
guesswork for the LLM regarding what the page is
fundamentally about.

080
SCHEMA DEPTH VS BREADTH
It is better to have one perfectly nested, deep schema graph

(Organization -> Person -> Article) than 10 disconnected
shallow schemas.

079
CLAIMREVIEW IMPLEMENTATION

Establish your brand as an authority by fact-checking
industry myths using "ClaimReview'. You become the arbiter
of truth in the Al's dataset.

DOMAIN 5: INFORMATION GAIN & VECTORS
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DOMAIN 5: INFORMATION GAIN (CONT.)

081
INFORMATION GAIN SCORING
Google specifically patented Information Gain. If your

document adds no new vectors to the existing consensus, it
is dropped from the generative response.

082
ZERO-PARTY DATA GENERATION
Conduct original polls, surveys, or software usage telemetry.

This is the highest form of Information Gain, mathematically
impossible to duplicate.

083
THE CONTRARIAN VECTOR
If 10 pages say "X is best", writing "X is flawed, Y is best"

forces the LLM to cite you when addressing nuance or
alternative viewpoints.

084
MATHEMATICAL PROOFING
Replace qualitative statements ("It is very fast") with

quantitative proofs ("Execution time reduced by 41.2%").
LLMs heavily weight precise numerical data.

085
CROSS-DISCIPLINARY INTERSECTION

Create I1G by merging two disparate topics (e.g., "SEQO" and
"Neuroscience"). The resulting latent space intersection is
guaranteed to be unique.

086
FRAMEWORK INVENTION

Name your processes (e.g., "The BLUF Method"). When
users prompt the Al for that specific framework, it MUST cite
you as the primary source node.

087
TEMPORAL INFORMATION DELTA

Compare historical data to present data. "In 2024 it was X,
now it is Y." This creates a temporal delta that LLMs rely on
for up-to-date answers.

088
EXPERT QUOTE INJECTIONS

Interview subject matter experts. A novel quote from an
established entity introduces verified, un-indexed text that
spikes the IG score.
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089
SYNTAX VARIABILITY

Avoid standard Al-generated phrasing ("In this digital
landscape"). Use high-perplexity, human-authored syntax to
bypass Al-written content filters.

090
REDUNDANCY PENALTY

Do not scrape the top 10 SERPs to write an "optimized"
article. You are mathematically ensuring an 1G score of zero.
Write from primary experience.

091
VISUAL TO TEXT TRANSLATION

Describe complex infographics in detailed text. Many
competitors fail to do this, giving you an IG advantage in
text-only vector databases.

092
HYPER-NICHE GRANULARITY

Instead of "Dog Training", write "Leash Training for 6-Month-
Old Belgian Malinois in Urban Environments". High
granularity dominates long-tail generative prompts.

093
NEGATIVE DATA REPORTING

Publishing what *failed* during an experiment is incredibly
rare on the web. It provides massive Information Gain and
high E-E-A-T trust signals.

094
DATA TRIANGULATION

Combine three distinct public datasets to draw a novel
conclusion. The raw data is known, but the relational vector
is entirely unique to your domain.

DOMAIN 6: GENERATIVE CITATIONS & PR

095
THE "ACCORDING TO" FOOTPRINT

Digital PR must focus on getting third-party sites to write
"According to [Your Brand]". This exact bigram triggers
citation extraction algorithms.

096
UNLINKED BRAND MENTIONS
Dofollow links are secondary. High-volume unlinked

mentions across authoritative news sites train the LLM to
associate your entity with the topic at a foundational level.
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DOMAIN 6: GENERATIVE PR (CONT.)

097
CITATION VELOCITY
A slow trickle of mentions is ignored as noise. A sudden

spike in citations (velocity) signals an important temporal
event, forcing real-time model updating.

098
CONTEXTUAL PROXIMITY
A mention is worthless if it's in a footer. Your brand must

appear in the same paragraph as the target keywords to
forge the semantic connection.

099
SYNDICATION NETWORKS
Leverage PR syndication (AP, Reuters). Even if traditional

SEO penalizes duplicate content, LLMs count syndication
as consensus corroboration.

100
WIKIPEDIA TALK PAGES
If you cannot edit a main page, mention your research in the

"Talk" pages. Al data scrapers often ingest talk pages to
understand emerging debates.

101
PODCAST TRANSCRIPT DOMINATION

Appear on podcasts. Platforms like Spotify and Apple auto-
generate transcripts. These massive text corpuses are
prime LLM training data.

102
ACADEMIC CITATION SEEDING

Publish whitepapers on ArXiv or ResearchGate. LLMs
heavily overweight academic domains; a single citation here
equals 100 blog mentions.

103
SENTIMENT MANIPULATION VIA PR

Ensure PR campaigns pair your brand with positive
sentiment adjectives. LLMs learn sentiment association
mathematically; flood the corpus with positive vectors.

104
CO-OCCURRENCE WITH GIANTS

Force PR narratives that compare your brand directly to
Apple, Microsoft, or Google. This drags your unknown entity
into their massive latent space clusters.
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105
REDDIT & QUORA INGESTION

Google signed data deals with Reddit. Orchestrate
authentic, high-value discussions mentioning your brand on
Reddit to feed directly into Google's real-time Al.

106
B2B SOFTWARE REVIEWS

G2, Capterra, and Trustpilot are authoritative datasets.
Incentivize detailed, keyword-rich reviews; LLMs parse
these sites to answer "Best software for X" queries.

107
OPEN SOURCE CONTRIBUTIONS

GitHub is a massive training corpus. Commit code or
documentation containing your entity name. Code LLMs will
begin recommending your tools natively.

108
THE "DEFINITIVE GUIDE" HOOK

Title primary assets as "The Definitive Guide" or "Industry
Standard". Al classifiers use these exact string matches to
determine source hierarchy.

DOMAIN 7: TECHNICAL PAYLOAD (TTFB/DOM)

109
HEADLESS Al CRAWLERS

Bots like "ChatGPT-User’ have minimal timeout thresholds.
If your server requires 3 seconds to render React, the bot
sees a blank page and leaves.

111

DOM DEPTH MINIMIZATION

Deeply nested *

" tags confuse scraping algorithms. Flatten
your DOM structure. Use semantic tags (°

') to guide the parser.

112
EDGE CACHING FOR BOTS
Route identified Al user-agents to edge caches (Cloudflare

Workers) that serve a stripped-down, lightning-fast
text/JSON version of the page.

110
STATIC HTML GENERATION (SSG)

Mandate SSG (Next.js, Astro) for all content. The raw HTML
payload must contain 100% of the textual data and JSON-
LD upon the very first network request.
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DOMAIN 7: TECHNICAL PAYLOAD (CONT.)

METRIC STANDARD SEO THRESHOLD AI/RAG BOT THRESHOLD FAILURE RESULT

TTFB <600ms <200ms Request dropped

DOM Size < 1,500 nodes < 800 nodes Parsing truncated

JS Dep. Acceptable (Googlebot renders) Zero Dependency Blank payload read
113 114

ROBOTS.TXT DIRECTIVES

You can selectively block 'CCBot™ (training data) while
allowing "ChatGPT-User" (real-time RAG). Control whether
you are training data or a cited source.

CSS HIDDEN CONTENT

Do not use ‘display: none’ for accordion FAQs. RAG
scrapers often respect CSS rules and will completely ignore
hidden text, losing crucial Q&A context.

115
MICROFORMATS INTEGRATION

Alongside JSON-LD, use inline Microformats (h-card, h-
entry). Redundant structured data acts as a failsafe if the
primary JSON parser fails.

116
CANONICAL LINK STRICTNESS

Al bots aggressively deduplicate. Ensure canonical tags are
absolute and strict to prevent the model from splitting
citation authority across parameters.

117
THE "NOSNIPPET' DANGER

Using 'nosnippet’ or ‘'max-snippet’ tags will actively block
your content from appearing in Al Overviews. Remove these
for top-funnel content.

118
SEMANTIC TABLE STRUCTURING

Always use "', 7, and T with “scope” attributes. Al parsers
cannot understand div-based CSS grids meant to look like
tables.
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119
AVOID LAZY LOADING TEXT

Never lazy-load critical textual content or dataset tables. Al
crawlers do not scroll or execute intersection observers;
they ingest the initial viewport only.

120
STATUS CODE PRECISION

Ensure 301 redirects resolve in a single hop. Multiple hops
cause timeout errors in fast-moving Al ingestion bots,
dropping the URL from the index.

121
GZIP / BROTLI COMPRESSION

Maximize compression. The faster the payload transfers, the
higher the probability the RAG bot processes the entire
document before its tight timeout window closes.

122
API ENDPOINT EXPOSURE

For advanced strategy, expose a read-only JSON API of
your content and document it. Specialized Al agents will
query your API directly instead of scraping HTML.

DOMAIN 8: AGENTIC Al SWARMS

123
MULTI-AGENT ORCHESTRATION

Deploy frameworks like AutoGen. One agent scrapes
competitors, a second analyzes semantic gaps, a third
drafts content, and a fourth reviews for factual accuracy.

124
LOCAL LLM DATA PRIVACY

Use local models (Ollama/Llama-3) to process proprietary
analytics data safely. Do not send sensitive enterprise
conversion data to OpenAl's public APIs.

125
PROGRAMMATIC GENERATION GUARDRAILS

Never let an LLM output directly to a live site. Output to a
staging JSON database, apply hard programmatic rules
(regex, length limits), then publish.

126
AUTOMATED INTERNAL LINKING AGENTS

Build an agent that continuously reads your site map,
calculates vector similarity between new and old posts, and
injects highly relevant contextual internal links.
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DOMAIN 8: AGENTIC WORKFLOWS (CONT.)

127
DYNAMIC SPINTAX + LLM

Combine legacy spintax with LLM generation. Use the LLM
to generate the data points, but use spintax for the
surrounding HTML structure to ensure precise parser
alignment.

128
AUTOMATED SCHEMA GENERATION
Train an agent specifically on Schema.org documentation.

Have it read your final HTML draft and output a perfectly
customized JSON-LD block for every page.

129
THE "DEVIL'S ADVOCATE" AGENT

Before publishing, pass content to an agent instructed to
aggressively critique the logic. This ensures your content is
robust against opposing viewpoints, increasing E-E-A-T.

130
VECTOR DATABASE MAINTENANCE

Maintain your own Pinecone or Weaviate database of your
site's content. Query it yourself to see exactly how external
RAG systems view your domain's context.

131
AUTOMATED PR OUTREACH
Use agents to scan news cycles for emerging topics related

to your brand. Have the agent draft contextual pitch emails
to journalists incorporating real-time data.

132
SERP VOLATILITY MONITORING AGENTS
Deploy agents to query target keywords daily. If a competitor

introduces a new concept that ranks, the agent alerts you to
the new Information Gain delta required.

133
CONTINUOUS CONTENT REFRESHING
Set agents to automatically update temporal data (e.g.,

"Best laptops of 2025" -> "2026") across your entire site,
adjusting metrics via API without manual input.

134
LOG FILE ANALYSIS VIA LLM
Feed raw server logs into an LLM with advanced data

analysis capabilities to instantly identify crawl budget waste
and bot trap patterns.
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135
AGENTIC INTENT CLASSIFICATION

Run keyword lists through an agent to classify them not just
by volume, but by "Generative Likelihood"—prioritizing
queries highly likely to trigger Al Overviews.

136
COMPETITOR LINK GRAPH ANALYSIS

Use Graph Neural Networks (or agents) to map competitors'
backlinks, identifying the most central nodes (hub sites) to
target for your own digital PR.

DOMAIN 9: MULTIMODAL & CROSS-FORMAT

137
MULTIMODAL EMBEDDINGS

Modern models process text, image, and video into a
shared latent space. A highly relevant image mathematically
boosts the textual relevance of the surrounding paragraph.

138
VIDEO TRANSCRIPTION ACCURACY
Auto-captions are error-prone. Manually correct video

transcripts. If the Al reads "Al SEO" as "I See Oh", you lose
the semantic vector entirely.

139

AUDIO-VISUAL ENTITY INJECTION

Hold physical signs or show text on-screen in videos.
Multimodal models use OCR (Optical Character

Recognition) to extract entities directly from the video
frames.

140
INFOGRAPHIC DATA SERIALIZATION

Do not trap data in JPGs. Ensure every data point in a chart
is also available in an HTML °

" immediately below it for text-only RAG
fallback.

141
SPATIAL AUDIO CONTEXT

For hardware/tech niches, audio quality in media matters.
Models can flag low-fidelity audio as low-quality content,
impacting the overall E-E-A-T score.

142
IMAGE EXIF DATA

Inject keyword vectors, author attribution, and location data
directly into the EXIF metadata of images before upload. Al
scrapers read metadata natively.
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